y 4

' rreia—
3 _Mm——

NAVER LABS EUROPE

Introduction

Joint object-action detection in videos
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[Lu et al., ECCV16; [Gkioxari et al., CVPR15;
Sadeghi et al., CVPR11,; Weinzaepfel et al., ICCV15;
Xu et al., CVPR15,16] Peng and Schmid, ECCV16]

Contributions

e End-to-end multitask architecture

* Enables zero-shot learning,
relationship detection in images and
object-action semantic segmentation

* Fewer parameters than alternatives:
Multitask Hierarchical
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Joint learning of object and action detectors

Vicky Kalogeiton'2, Philippe Weinzaepfel3, Vittorio Ferrari? and Cordelia Schmid’

Joint object-action detection architecture
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Joint object-action detection results
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Relationship detection in images
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Baseline 43 2.3
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Object-action semantic segmentation
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Segmentation proposals
SharpMask [Pinheiroetal., ECCV16]
\G BH [Grundmann et al., CVPR10] /

Qualitative results
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Quantitative results

mean loU segmentation accuracy global pixel accuracy
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